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2569638201,743 2569638201,743 2569638201,743 2569638201,743 2569638201,743 2569638201,743 2569638201,743 2569638201,743 2569638201,743 2569638201,743

Normalize

d BIC

40,928 40,928 40,928 40,928 40,928 40,928 40,928 40,928 40,928 40,928
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squared MAPE MAE Statistics DF Sig.
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